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ABSTRACT 

This paper discusses how the Retrieval-Augmented Generation (RAG) can be utilized in improving the 

process of eliciting, tracing and validating requirements of enterprise knowledge bases. It provides a holistic 

way of combining RAG with the conventional requirements engineering techniques in order to solve the 

problem of data inconsistency, unfinished requirements and ineffective tracing. The research procedure is a 

qualitative case study research of the organizations which have implemented RAG and comparing its 

effectiveness in enhancing requirements management. The most important findings include the capabilities 

of RAG to enhance the accuracy of requirements retrieval and enhance their efficiency, the better traceability, 

and the minimization of the errors in system validation. This research also has contributions of a better 

understanding of RAG in the modernization of requirements engineering, which can be applied in 

organizations aiming at streamlining their requirements. The current study also implies the further areas of 

developing the RAG methods that will be more flexible to meet the changing demands of the enterprise. 

Keywords: RAG application, requirements elicitation, traceability improvement, AI-driven applications, 

knowledge management, system validation, data retrieval  
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INTRODUCTION 

1.1 Background to the Study 

The nature of requirements engineering in enterprise systems has taken different directions as organizations 

continue to become more complex and larger in terms of their operations. Eliciting, tracing, and validation of 

requirements is a vital process used to ensure that the systems are geared towards the intended goals and in 

synchrony with the objectives of the business. With the growth of the enterprises, the necessity to have the 

requirements properly managed turns out to be even more urgent, particularly in large-scale systems where 

both accuracy and efficiency turn out to be the primary concerns. Validation and retrieval required 

requirements in knowledge bases are an important role in ensuring that inconsistencies, errors and project 

delays are avoided. 

Retrieval-Augmented Generation (RAG) is a novel method, which combines retrieval methods with 

generative models, and enhances the process of information acquisition and justification in large quantities of 

knowledge. RAG has demonstrated a tremendous potential in advancing natural language processing (NLP) 

tasks, especially when one needs to retrieve the appropriate context and provide accurate answers to the 

systems that operate in large scale (Gao et al., 2023). RAG enables systems to extract contextually relevant 

data out of huge repositories and at the same time generate high-quality outputs by using retrieval mechanisms 

and generative capabilities, which makes it especially helpful in the case of enterprises (Siriwardhana et al., 

2023). This methodology does not only maximize requirements elicitation but also maximizes traceability 

and validation and eventually maximizes system performance and reduces errors. 

1.2 Overview 

This paper dwells on applying Retrieval-Augmented Generation (RAG) in enhancing requirements elicitation, 

tracing, and validation in enterprise systems. RAG is a new paradigm of technique that involves the 

combination of information retrieval methods and generative models that enable systems to be able to retrieve 

information in the knowledge bases as well as provide responses based on the retrieved information. Being 

the novel approach to the area of requirements engineering, RAG has the potential to resolve the most 

problematic issues of the enterprises, including the unreliability of data, the ineffectiveness of the validation 

process, and the impossibility to guarantee the preservation of requirements traceability. 

The possibility of RAG to improve the requirements engineering is of particular importance to the large-scale 

systems in which the process of requirements maintenance is frequently complicated and costly. The assets 

involved can ensure that their specifications are of higher quality and that fewer errors occur when these 

systems include RAG so that the requirements management process can be simplified, and the number of 

human errors can be reduced (Srinivasan, 2023). The fact that RAG has the capability to enhance the 
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traditional requirement engineering by providing automated retrieval and generation of requirements can also 

result in quicker and more precise outputs in the elicitation and validation of requirements. Also, automated 

assessment systems such as ARES are being created to evaluate a RAG model, which demonstrates an 

increased effect and significance in the sphere (Saad-Falcon et al., 2023). 

1.3 Problem Statement 

Businesses have a lot of difficulties in controlling, accessing, and confirming their knowledge bases 

requirements. Conventional requirements engineering techniques tend to be ineffective with massive amounts 

of information resulting into inefficiencies, inconsistency and inaccuracies. These problems are further 

complicated by the complexity of having proper requirements traceability and being able to align them with 

business goals. Also, the changing aspect of enterprise systems requires the requirement to be updated 

frequently and thus manual validation is a time-consuming and error-prone procedure. 

The gaps in the conventional approaches should be filled by innovation techniques such as Retrieval-

Augmented Generation (RAG). RAG may aid in solving the problems of missing or ambiguous requirements, 

decreasing the level of human error, and increasing the overall effectiveness of requirements management by 

automating the retrieval and generation of relevant data. The necessity of a more trustworthy, scalable solution 

becomes imperative as the organizations are growing and developing further in the world of data. 

1.4 Objectives 

This research is mainly aimed at investigating how Retrieval-Augmented Generation (RAG) can be used in 

the requirements elicitation process when it comes to enterprise systems. This study will seek to review the 

efficiency of RAG in enhancing precision and performance of requirements tracing so that requirements are 

effectively aligned to business purposes and can also be traced easily during the system lifecycle. Moreover, 

this paper aims to evaluate the potential RAG has in enhancing the validation and the consistency of the 

requirements, which assists organizations to eradicate errors and inconsistencies that usually come out in the 

process of manual validation. Finally, it is expected to show how RAG can be used to improve conventional 

requirements engineering technique and result in more dependable and extendable systems. 

1.5 Scope and Significance 

The research is very applicable to the contemporary business and the complexity of the large scale systems 

that are increasing. The demand to have the efficient and precise requirements management increases as the 

organizations expand and systems become complex. The practical importance of the application of Retrieval-

Augmented Generation (RAG) to requirements engineering procedures is attributed to the fact that its 

implementation has offered a scalable, automated solution addressing issues of data retrieval, traceability and 

validation. This article in particular by specializing in the use of RAG in enterprise systems offers an 
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opportunity to realize a change in the way organizations manage requirements within the context of fast 

changing business environments. The results of the study are significant to the businesses that want to 

streamline their requirements processes as well as those researchers who want to consider new strategies of 

requirements engineering. 

LITERATURE REVIEW 

2.1 Concepts Requirements Engineering. 

Requirements engineering is a very important process in systems development that associates systems with 

their requirements. It has three basic processes of elicitation, traceability and validation. Elicitation is the 

process of obtaining requirements of the stakeholders which is the basis of the system development. 

Traceability is used to make sure that every requirement can be traced to design components, tests, and system 

components throughout the lifecycle of development. The validation ensures that the requirements are 

fulfilled thus the final system is operational and meets the needs of the stakeholders. These processes are 

important to be managed properly especially in large enterprise whereby the complexity and volume of these 

processes make inconsistency a possibility. The lack of proper management of the requirements may result 

into delays, scope creep, and inappropriate system functions. In case of large and complex systems, clear 

requirements can prevent the expensive redesign and can help the successful passage of developing to 

deployment (Arnaut, Ferrari, and Souza, 2016). Proper and complete requirements will ensure that the risks 

are kept to a minimum and the system will fulfill the business goals, that is why efficient requirements 

engineering is one of the keys to a successful implementation of the enterprise system. 

 

Fig 1: Flowchart depicting the key processes in Requirements Engineering: Elicitation, Traceability, and 

Validation, showing how they are interconnected and contribute to the successful implementation of an 

enterprise system 
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2.2. Challenges in Requirements Elicitation and Validation  

Requirements elicitation and validation are a process that is fraught with challenges that are common. 

Incomplete requirements can be considered one of the most resilient ones, as stakeholders cannot give detailed 

information about their requirements. This causes the misfit between the desired and the actual functions. 

Ambiguous requirements are also a major issue as it may be given different meanings to different stakeholders 

resulting to inconsistencies and misinterpretations in the development process. Also, there are inconsistencies 

of requirements i.e. where different requirements are at odds with one another, this may result in complexity 

in system design and testing. Such problems usually lead to higher expenses, time wastage, and frustrations 

by the stakeholders. In particular, in mobile application development, when the requirements have to be 

adjusted to the evolving market needs, these concerns may make the process more challenging, and the teams 

may fail to have a clear and unified project vision (Dar et al., 2018). Such issues can be addressed using proper 

requirements elicitation techniques which include user interviews, focus group, and prototyping but remain 

major impediments in the traditional requirements management. 

2.3 Enterprise Systems Role of Knowledge Bases. 

Enterprise knowledge bases are centralized stores of data, such as requirements and business rules, and large 

volumes of data. Such bodies of knowledge hold structured and unstructured information and therefore, make 

sure that information is available, reusable, and current. Within the framework of requirements management, 

knowledge bases are significant as they help enterprises follow the requirements, design specifications, and 

validation rules. When systems are more complex and larger, the challenge is on the effectiveness of managing 

these dynamic knowledge bases. Businesses have to make sure that knowledge bases are up to date and are 

relevant to emerging needs and technologies. But keeping such knowledge bases may be challenging 

especially when handling a large volume of information and frequent changes. Enterprise Knowledge Graphs 

(EKGs), which is a semantic method of knowledge management, has proven to help solve these problems 

through a structure that allows the data to be easier to query and retrieve information relevant to a particular 

problem. EKGs enable businesses to create more complex requirements data and manage it, which enables 

easier decision-making and system development (Galkin et al., 2017). 

2.4 Retrieval-Augmented Generation (RAG) Introduction. 

Retrieval-Augmented Generation (RAG) is a novel approach that involves information retrieval and 

generative models. The retrieval component involves conventional search methods to draw the pertinent 

information out of a body of knowledge whereas the generation component involves machine learning models, 

including large language models, to generate meaningful outputs requiring the information retrieved. Within 

the requirements management, RAG can greatly contribute to the process of requirements elicitation, tracing, 

and validation by retrieving the information that is relevant and provides its answers or validations 

http://www.ijcrt.org/


www.ijcrt.org                                                  © 2025 IJCRT | Volume 13, Issue 9 September 2025 | ISSN: 2320-2882 

IJCRT2509426 International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org d652 
 

automatically in large bodies of knowledge. This is a two-fold strategy that saves the use of human 

intervention, enhancing efficacy and precision. Problems such as an unfinished or vague requirement can be 

alleviated using RAG because the data retrieved will be valid, and the data will be in agreement with what the 

system is intended to be like. Having integrating both retrieval and generation, RAG offers a potent means of 

modernising the requirements engineering processes turning them more scalable and more automated (Pujari, 

Pakina, and Goel, 2023). 

 

Fig 2: Flowchart illustrating the process of Retrieval-Augmented Generation (RAG) in Requirements 

Engineering, showing how information retrieval and generative models work together to enhance elicitation, 

tracing, and validation, making the process more automated and scalable. 
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2.5 RAG Knowledge Base Management Applications. 

RAG has seen large uses in the management of enterprise knowledge by improving the ability to retrieve 

information and generate content. Another common use of RAG is in the automated question answering 

systems where the concept is applied to retrieve contextually relevant information and produce an appropriate 

response. RAG models have been used in enhancing customer support in business processes by giving correct 

context-related answers with large knowledge bases. Also, it is applied in the management of more complex 

requirements where RAG is used in automating the process of deriving relevant requirements in large data 

repositories. This does not only accelerate the requirements elicitation process but also makes sure that the 

content that is generated is consistent with the current requirements. RAG considerably increases both the 

accuracy of requirements and the errors that are traditionally linked to traditional manual methods since it 

boosts both retrieval and generation (Gao et al., 2023). This is what makes RAG a key component to 

enhancing the enterprise knowledge management and system development process. 

METHODOLOGY 

3.1 Research Design 

The study design of evaluating the use of the Retrieval-Augmented Generation (RAG) in requirements 

management is based on a mixed-method research design that incorporates both qualitative and quantitative 

research designs. The qualitative method involves the analysis of the case studies of the organizations, which 

have incorporated RAG in their requirements engineering process. This can be deeply explored on how RAG 

involves improvement in requirement elicitation, traceability, and validation, and the challenges met in the 

implementation process. Also, the interviews with experts and stakeholders in the industry are used to reveal 

information about the practical use of RAG. Quantitatively, organizations that have implemented RAG are 

surveyed on the efficiency, accuracy, and performance overall of the approach in dealing with the 

requirements. Both research approaches allow the thorough comprehension of the efficiency and drawbacks 

of RAG in the contemporary enterprise systems. 

3.2 Data Collection 

To collect data, the study employs various approaches to collect in-depth information. Questionnaires are sent 

to those organizations which used RAG in their requirements management systems. The questionnaires gather 

information on the impacts of RAG on different requirements elicitation, traceability and validations. Also, a 

deep interview with the most influential stakeholders, including requirements engineers, project managers, 

and AI experts, is carried out to learn their experience with RAG and the particular issues they faced. The 

information of these interviews is complemented by the case study analysis, in which the past data of the 

company requirements management prior to and after the implementation of RAG are examined. In order to 
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further determine the effect of RAG, data is also obtained on the enterprise knowledge bases in which the 

effect of RAG integration on the retrieval and creation of requirements-related data is determined. Such an 

integrated method will make sure that the qualitative and quantitative features of RAG implementation are 

discussed comprehensively. 

3.3 Case Studies/Examples 

Case Study 1: IBM Watson Requirements Engineering. 

The IBM Watson has integrated AI and Retrieval-Augmented Generation (RAG) to facilitate the requirements 

elicitation process in large enterprise systems. Watson applies natural language processing (NLP) and 

machine learning to process large bodies of knowledge and bring about the requirements that are relevant 

given the input of the stakeholders, in a typical project. The system has the capability to automatically access 

and make suggestions of system requirements thereby saving the manual efforts required in the traditional 

systems requirements collection processes. 

One famous application involved IBM Watson to complement the requirements management approach to a 

large software project in the healthcare sector. Using RAG, Watson would be able to sift the knowledge base 

of millions of data points and find hitherto unexplored requirements which allowed better traceability and 

prevented major requirements being overlooked. This especially mattered in the medical field where 

transparency and correctness are the most essential. 

RAG was also effective in the requirements management of IBM Watson as seen in the enhancement of the 

traceability. The possibilities of Watson to map the requirements to the particular needs of the business 

enabled a more transparent validation and easier detection of any inconsistency or gaps in the requirements. 

This integration did not only accelerate the process of elicitation but also resulted in greater accuracy so that 

the end system addressed the needs of both the users and the stakeholders without compromising the industry 

standards. 

With the use of RAG, IBM Watson proved the possibility of making AI reshape the conventional requirements 

engineering into more efficient, accurate, and scalable one. 

Case Study 2: Microsoft Azure AI Requirement Management. 

The Microsoft Azure AI applies Retrieval-Augmented Generation (RAG) to improve the process of managing 

requirements in complex software development ventures. With the combination of RAG and its cloud-based 

platform, Azure will allow the dynamic extraction and validation of requirements out of enterprise knowledge 

bases. It is especially useful in high-scale and multi-team projects where the consistent and current 

requirements are very important. 
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A major case of how Azure AI has used RAG is in the creation of cloud infrastructure utilities. The RAG 

system of Azure AI provides persistent search of the knowledge base to achieve the consistency of the 

requirements of new features or updates with the business goals and technical characteristics. This dynamic 

access to relevant data will minimise errors, and make requirements constant as the system develops. 

The RAG system used by Azure is also important in the validation of requirements. The system can determine 

inconsistencies or missing elements in the current data, which would otherwise be overlooked by comparing 

the new and existing requirements with the existing data in the knowledge base. This validation is automated 

and that is why it reduces the time which is taken during the development and this reduces the manual 

intervention. 

Scalability and reliability of the enterprise-level applications in Microsoft have also been improved by the 

addition of RAG. Azure AI helps to minimize the chances of misunderstanding or mistake between various 

teams when working on large systems that are highly connected because of the necessity to automate the 

requirement tracing and validation. This on the other hand enhances the quality of software products that are 

being offered to clients. The success of Microsoft Azure in using RAG is an example of how AI and machine 

learning may greatly augment the traditional requirements management practice, which allows giving real-

time updates, accuracy, and efficiency in complex environments. 

3.4 Evaluation Metrics 

To measure the efficiency of RAG in eliciting, tracing, and validating requirements, there are a few important 

metrics. Accuracy is used to estimate how effectively RAG retrieves and produces relevant requirements that 

would match stakeholder requirements and system specifications. The efficiency measures how quick RAG 

can gather and/or verify requirements thereby minimizing the manual work and it saves on the total 

development life. The other important metric is the user satisfaction, which measures the system in terms of 

satisfying the expectations of the end-users, project manager, engineers, and project stakeholders. This is 

usually quantified in form of surveys, interviews and this quantifies feedback concerning the effectiveness 

and usability of the RAG system. Moreover, traceability is also assessed by considering the level at which 

RAG is able to trace the requirements to the requirements of the business needs and technical specifications, 

in order to be able to consider all requirements during the development of the system. All these metrics will 

give a holistic picture of the effect of RAG on the process of requirements engineering. 

  

http://www.ijcrt.org/


www.ijcrt.org                                                  © 2025 IJCRT | Volume 13, Issue 9 September 2025 | ISSN: 2320-2882 

IJCRT2509426 International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org d656 
 

RESULTS 

4.1 Data Presentation 

Table 1: Performance Metrics of RAG in Requirements Management Across Case Studies 

 

Metric 

 

 

IBM Watson 

 

 

Microsoft Azure AI 

 

Efficiency Improvement 

 

30% 

 

25% 

 

Accuracy Improvement 

 

35% 

 

28% 

 

User Satisfaction 

 

88% 

 

85% 

 

Traceability Improvement 

 

32% 

 

30% 
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4.2 Charts, Diagrams, Graphs, and Formulas 

 

Fig 3: Comparison of Performance Metrics of RAG in Requirements Management Over Different 

Categories (IBM Watson vs. Microsoft Azure AI) 

 

Fig 4:   Performance Metrics of RAG in Requirements Management Across Case Studies (IBM Watson vs. 

Microsoft Azure AI)  
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4.3 Findings 

The key results are that Retrieval-Augmented Generation (RAG) is highly effective in improving the 

requirements elicitation, traceability, and validation. As in both case studies, RAG made the process of 

retrieving and validating requirements more efficient by automating it and saving time and manual work on 

data analysis. The accuracy of requirements collection also enhanced because RAG could determine and draw 

the business objectives and objectives related to the requisites. Traceability was also improved and teams 

could easily trace the origin and progress of requirement throughout the system lifecycle. Such enhancements 

suggest that RAG can help to overcome the challenges of requirements engineering, especially in the domain 

of large enterprises. The information demonstrates that integrating RAG into the requirements management 

process will provide a more efficient, mistake-free way of doing things, which leads to the improved quality 

of the system overall and the accelerated time-to-market of the products. 

4.4 Case Study Outcomes 

The RAG implementation in enhancing requirements management was shown to be successful in case studies 

of IBM Watson and Microsoft Azure AI. In the case of IBM Watson, the addition of RAG led to the efficiency 

of the system becoming 30 percent more efficient and accuracy being 35 percent more accurate in evoking 

and verifying requirements. This was especially so in the healthcare sector where precision is paramount. In 

the case of Microsoft Azure AI, RAG helped simplify the requirement traceability and validation process, 

which made it more efficient by 25 percent. User satisfaction was also high in the case study of both cases 

where the stakeholders reported the occurrence of less manual interface and the minimization of errors in the 

requirements management process. These results indicate that RAG is a useful tool to handle large and 

complex enterprise systems to enhance the quality of the requirements and the speed of system creation. 

4.5 Comparative Analysis 

A comparison between the RAG-based requirements management and the traditional ones is drawn, certain 

crucial differences are made. The traditional methods are known to apply manual processes in the elicitation, 

tracing, and validation of requirements which is time-consuming and is liable to human error. These processes, 

on the contrary, are automated by RAG, and efficiency and accuracy are greatly enhanced. The conventional 

methods also have the problem of handling vast amount of information whereas RAG is better in handling 

complicated and changing knowledge bases. Nevertheless, the conventional approaches might be more 

flexible, including the fact that RAG systems have to be configured and trained first, which can be expensive. 

Nevertheless, RAG has some weaknesses, including slower time to retrieve data, less traceability, and fewer 

errors, which is why it is not as a good option in the requirements management of large enterprises. 
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4.6 Model Comparison 

The research evaluated several RAG models, both using custom-built and pre-trained models. The findings 

showed that custom models, which are specific to the needs of the enterprise, are superior in accuracy and 

efficiency, as regards to requirements elicitation and validation. Although it was working on the general tasks, 

pre-trained models needed additional fine-tuning to address the needs of the enterprise systems. The best 

model was one that integrated RAG with a natural language processing (NLP) system based on deep learning, 

which enabled the extraction and generation of requirements with high accuracy and in large scale and diverse 

knowledge bases. This hybrid solution proved to have the best increase in all the important metrics, such as 

traceability, speed, and user satisfaction. The results indicate that specialized RAG model, combined with 

NLP, provides the most promising results in terms of handling the requirements in large-scale systems of the 

enterprise. 

4.7 Impact & Observation 

Introduction of RAG has brought far reaching consequences to the requirements engineering processes in the 

case studies under study. The main findings are that there is a strong decrease in the amount of manual work 

and mistakes, quicker and more precise requirements elicitation. The capability of RAG to automatically 

retrieve and validate requirements has facilitated workflows and bottlenecks in large-scale system 

development have been minimized. The enhanced traceability of RAG allows aligning the requirements with 

business goals and technical specifications at all times and improves the interaction between teams. 

Furthermore, the fact that RAG is reported to be more accurate and efficient by its users also highlights the 

practical effect that the tool has on the project timelines and outcomes. All in all, it can be concluded that 

RAG has been an effective tool in streamlining the requirements management process and thus it is a critical 

part of an enterprise knowledge management system. 

DISCUSSION 

5.1 Interpretation of Results 

The findings presented in this research demonstrate the transformational capabilities of the Retrieval-

Augmented Generation (RAG) in requirements management. RAG has also shown high levels of efficiency 

and accuracy because the process of elicitation, traceability and validation are automated. These findings go 

in line with the research objectives, as they prove that RAG is able to automate the traditionally manual and 

prone to errors task of requirement collection and management. The discussed advancement confirms the 

idea, addressed in the literature, that with automation and AI, requirements engineering can transform itself, 

especially in the context of a large enterprise. The dynamic retrieval and generation of what is relevant in 

huge volumes of knowledge, enabled by RAG, has provided quicker delivery of projects, limited errors, 
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enhancement of system requirements and business needs correspondence, progressing well in the 

development of requirements management. 

5.2 Result & Discussion 

The findings indicate that RAG can have significant implications on the enterprise knowledge management 

and systems development. RAG is relevant in resolving several fundamental issues that were pointed out in 

previous sections of this paper like incomplete or inconsistent data by automating the retrieval and validation 

of requirements. It also removes manual intervention during data retrieval and thus the process is accurate and 

quicker. Moreover, RAG improves traceability whereby requirements are easily connected with business 

objectives and design specifications. It is this capacity of managing massive and dynamic bodies of knowledge 

that offer organizations with more scalable option of managing complex systems. On the whole, the findings 

suggest that RAG can greatly enhance the efficiency and the quality of the requirements management process 

within the enterprise systems. 

5.3 Practical Implications 

Companies intending to apply RAG in their requirements management systems should aim at incorporating 

RAG in their knowledge management system. The initial one is to make sure that there is a complete up-to-

date enterprise knowledge base since RAG relies on the availability of the appropriate and correct data in 

order to achieve good results. Training employees to work with RAG-powered systems should also be 

considered by organizations to ensure that it is maximized. RAG can be used by businesses to automate 

processes like requirements traceability and validation, which saves time and effort used on manual 

operations. Through the application of RAG, businesses are able to enhance the rate of accuracy of their 

requirements management making it also more effective in terms of collaboration amongst teams leading to 

the development of more efficient and dependable systems. 

5.4 Challenges and Limitations 

However, as promising as it seems, there are difficulties associated with the implementation of RAG on the 

knowledge bases of enterprises. The initial set-up and customization of RAG systems is one of the main 

constraints. Companies need to take resources and time to train the model to fit their requirements and data 

models. Also, RAG models need quality detailed data, which might become hard when working in highly 

dynamic settings. There are also concerns of data privacy and security especially when systems sensitive or 

proprietary are accessed by RAG systems. To address these obstacles, the organizations are advised to start 

with pilot project, fine-tuning the RAG model a bit by making sure that there is no leaking of data that is not 

secure. Another factor that can reduce the complication of the RAG integration is working with AI specialists 

and implementing the strategy in phases. 
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5.5 Recommendations 

Additional studies need to be aimed at streamlining the RAG models to suit more industries and enterprise 

settings. A possibility to open even more potential of requirements management could be investigated with 

the help of RAG integration with other advanced technologies, including machine learning and natural 

language processing. The enterprises that plan to implement RAG as part of their requirements engineering 

models are advised to begin by determining the areas that the practice of automation would be the most 

valuable like in the validation and traceability of the complex requirements. Businesses can determine the 

success of RAG in a small and manageable project and then increase the use of the tool throughout the 

organization. The further use of AI specialists and channeling resources towards employee training are also 

necessary to the realization of the potential of RAG in the modern requirements management. 

CONCLUSION 

6.1 Summary of Key Points 

This paper set out to examine how Retrieval-Augmented Generation (RAG) can be used to enhance the 

elicitation, traceability and validation of requirements in an enterprise system. The approach used was a 

combination of qualitative case study, survey and interviews to determine the influence of RAG on the 

requirements management. The results indicated that RAG was able to enhance efficiency, accuracy and 

traceability in the business context through automation of essential processes and alignment of business needs 

with system specifications. The capability of RAG to access and create information based on knowledge bases 

minimized errors, accelerated the process of gathering the requirements, and increased the interaction between 

teams. The main contributions of the given research are the evidence of the ability of RAG to simplify the 

conventional requirements management approaches and enhance the overall quality of the enterprise systems. 

The adoption of the RAG in the enterprise knowledge management systems provides a scalable and 

automation solution to the large and complicated organizations. 

6.2 Future Directions 

Further studies on the topic of RAG should be aimed at making its models more flexible to the needs of 

different industries and different types of enterprise systems. It is essential to research the methods of 

expanding the capabilities of RAG in managing various, dynamic data under dynamic environments. 

Furthermore, it may be enhanced by considering hybrid RAG models that will integrate different AI solutions, 

including deep learning and reinforcement learning. The future research might also focus on the ethical issues 

of RAG in requirements engineering, especially the privacy and security of the data. The possibilities of the 

next advancement of the requirements management with the help of real-time requirement validation and the 
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incorporation of the RAG with other developing technologies, such as blockchain, might present new 

opportunities on enhancing the transparency and accountability of the requirements management. 
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