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Abstract :

As more and more applications produce streaming data, clustering data streams has become an important technique for data and
knowledge engineering. A typical approach is to summarize the data stream in realtime with an online process into a large number of so
called micro-clusters.Microclusters represent local density estimated by aggregating the information of many data points in a defined
area. On demand, a (modified) conventional clustering algorithm is used in a second offline step to re-cluster the micro-clusters into larger
final clusters. For re-clustering, the centers of the micro-clusters are used as pseudo points with the density estimates used as their
weights. However, information about density in the area between micro-clusters is not preserved in the online process and re-clustering is
based on possibly inaccurate assumptions about the distribution of data within and between micro-clusters.There is issue in real time
document classification approach as well as no such system available in research centers which can automatically classify the document
object based on domains, that’s why it is today's need to develop such kind of application. Using Deep Learning, we propose a system
that provide runtime automatic document clustering.In document clustering we design and implement a system of multi label
classification approach for document objects and analyze the issues of redundancy in runtime classification. It implements a system
which can carry out the clustering as well as micro-clustering according to similarity weight and classify unlabeled data into predefined
categories according to text contents with maximum accuracy and highest similarity. Here we-implement micro cluster classification
approach on high dimensional data using density based approachlndex Terms - Document clustering, semantic learning, semantic
representation, cognitive semantic.

INTRODUCTION

Document classification is an important machine learning task wherein one assigns a subset of candidate labels to an object, the main issue
of multi-label clustering is the redundant clustering approach for online as well as offline dataset to handle this issue, we have planned to
use density based re-clustering of existing micro-clustering objects and improve the maximize accuracy of final sub-clusters. Also, we have
planned to propose a new multi-label classification method based on Conditional Bernoulli Mixtures. and demonstrate two
implementations of our method using logistic regressions and gradient boosted trees, together with a simple training procedure based on
Expectation Maximization. We further derive an efficient prediction procedure based on dynamic programming, thus avoiding the cost of
examining an exponential number of potential label-subsets. For the testing, we will use and show the effectiveness of the proposed method
against competitive alternatives on benchmark dataset with an image as well as pdf.

An increasing number of data mining tasks includes the analysis of complex and structured types of data and make use of
expressive pattern languages. Most of these applications cant be solved using traditional data mining algorithms. This work address the
issue redundant document clustering and eliminate it using proposed algorithms. The different pdf dataset has used for testing and create
the runtime micro cluster as well as IEEE dataset has used for generating the Background Knowledge (BK) of system. Text classification is
to map the text to one or more predefined categories using a kind of classification algorithm which is accomplished according to text
content. A standard classification corpus has been established and a unified evaluation method is adopted to classify English text based on
machine learning which has made a large progress now. Most real-world data are stored in relational databases.
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LITERATURE SUREVEY

Sr.N | Title Journal Advantages Disadvantages

0

1. Semantic based text document | IEEE 2018 Reduce the problem | It is not fully data driven.
clustering using cognitive of community
semantic learning and graph detection in the
theory graph theory .

2. Joint multilabel classification | IEEE 16 Provide supervised | It works only text based data
with community-Aware Label learning on network | which havingdescription.
Graph learning dataset.Can be work

on graph theory as | System cannot work for
well as machine | unsupervised learning.
learning  approach

which provides

maximum accuracy.

3. Semantic Document | IEEE 18 Classified data is | Difficult to identify the data
Clustering Using Information easily available no | those which carry same
from WordNet and DBPedia need to do special | information but different

operations.If ~ one | type.
intelligent  server

fail other
intelligence  server

in the cluster can

pick up the work

flow.

4. A survey of Document | ICEEOT 2016 | Produces hard | Difficult to predict the value
clustering using Semantic cluster. of K.Cluster are non
Approach hierarchal and they don’t

overlap.
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Proposed System architecture:
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Fig . Proposed system architecture

In this system, 5 different algorithms are used to classify documents in more accurate way.. Dataset is divided as training and
testing data where 60% data is training and remaining 40% is testing data. Data refining is done.in first four stages. Refining of data after
each stage provides more accurate input to the next stage. In final stage, RNN algorithm is used to classify the documents. This results in
more accurate document clustering in faster and efficient way.

Algorithms

1.Stop word Removal Approach

Input: Stop words list L[], String Data D for remove the stop words.
Output: Verified data D with removal all stop words.

Step 1: Initialize the data string S[].

Step 2: initialize a=0,k=0

Step 3: for each(read ato L)
If(a.equals(L[i]))
Then Remove S[k]
End for

Step 4: add S to D.

Step 5: End Procedure
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2.Stemming Algorithm.

Input : Word w
Output : w with removing past participles as well.

Step 1: Initialize w
Step 2: Intialize all steps of Porter stemmer
Step 3: for each (Char ch from w)

If(ch.count==w.length()) && (ch.equals(e))

Remove ch from(w)
Step 4: if(ch.endswith(ed))

Remove ‘ed’ from(w)
Step 5: k=w.length()
If(k (char) to k-3 .equals(tion))
Replace w with te.

Step 6: end procedure

3.TF-IDF
Term Frequency (TF): The number of times a term occurs in a document.Common words, such as “the”, “a” and “for”, will always have
big term frequency values.

TF = (Number of times term t appears in a document) / (Total number of terms in the document)
Inverse Document Frequency(IDF) measures whether the term is common or rare across all documents. IDF is a static value to a term and
independent of which documents the term is in.

TF-IDF(t,d) = TF(t,d) * IDF(t,D) = Term Frequency(t,d) * Inverse Term Frequency(t,D)

where
tf(t,d) is the Term frequency
idf(t,D) is the Inverse document frequency.

4. RNN

Input: Traininput TrF[], Test Features TsF[], Threshold T, Feedback Count n
Output: Refine weight for each object.

Step 1: Read Trainfeature TrF
Step 2: Read Trainfeature TsF
Step 3: foreach (tsf into TsF)
Step 4: foreach (trf into TrF)
Feed Layer[] = = sFtrF||
If(feedback count!n)
Step5: send feedlayer to tsf
Again
tsF feedLayer[]
execute for all neurons

RESULTS & DISCUSSION

The proposed system is a joint learning scheme for simultaneously modeling label graph learning and multilabel classification.
The proposed learning scheme explicitly models the inter-label correlations by label graph learning, which is jointly optimized with
multilabel classification. As a result, the learned label correlation graph is capable of well fitting the multilabel classification task while
effectively reflecting the underlying topological structures among labels. In addition,

we have presented a community-aware regularize to capture the context-dependent inter-label interaction information.

The proposed work can classify the strong label with test instance using NN weight calculation as well classification approach. .
Experimental results have demonstrated the effectiveness of our approach over several benchmark datasets.
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B Document Classification Using RNN

Document Classification Performance
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Figure 2: Bar Chart for result

In figure 2, documents are clustered as per their specific domain. As per the figure, we used 120 PDF files to sort them as per their
domain and all of them are sorted accurately. The domains are chosen in the training section, according to that it classifies in testing
section and result shown in the bar graph as shown.
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Figure 3: Bar chart of different techniques

When only TF-IDF approach is used for clustering the documents then the accuracy of the result is less means it was near
about 83%. When only Machine Learning approach is used then the results are increased to 88% but still the results were not that accurate.
As per the proposed system means when both approaches are used one after another then the results came more accurate means 95%.
Hence the proposed system provides more accurate result than other existing systems.
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Conclusion

The proposed work can classify the strong label with test instance using NN weight calculation as well classification approach. .
Experimental results have demonstrated the effectiveness of our approach over several benchmark datasets.

FUTURE WORK

Sometime system having a accuracy issues well false detection ratio, we can focus on such problems. The second part is system execution
complexity when we work with high dimensional or big data. The system can be work with HDFS framework for minimum time
computation or parallel distribution. So For the enhancement system can be execute HDFS base architecture with parallel genetic
algorithm.
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