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Abstract

In the context of renewable energy generation, efficient extraction of power from wind resources is of
paramount importance. Maximum Power Point Tracking (MPPT) techniques play a crucial role in
optimising the output of Wind Energy Conversion Systems (WECS), especially under fluctuating wind
conditions. This study presents a comparative evaluation of two MPPT strategies—Perturb and Observe
(P&O) and the Genetic Algorithm (GA)—implemented in a wind energy system equipped with a Permanent
Magnet Synchronous Generator (PMSG). The PMSG has been chosen due to its high efficiency, robustness,
and suitability for direct-drive configurations, eliminating the need for gearboxes.

The complete system is modelled and simulated using MATLAB/Simulink, considering a range of dynamic
wind speed conditions. The performance of both MPPT techniques is analysed based on their ability to track
the maximum power point efficiently. The simulation results indicate that while the conventional P&O
method achieves a maximum output of 1049 kW and performs well under steady conditions, it exhibits
limitations in terms of response time and output oscillations during wind fluctuations. In contrast, the GA-
based MPPT algorithm showcases significantly improved performance, achieving a higher power output of
2785 kW, along with faster convergence and smoother power tracking.

The study highlights the potential of advanced, intelligent optimisation methods like Genetic Algorithms in
enhancing the reliability and effectiveness of modern wind energy systems, particularly in real-world
operating scenarios marked by dynamic environmental changes.

Keywords: Maximum Power Point Tracking (MPPT), Wind Energy Conversion System (WECS),
Permanent Magnet Synchronous Generator (PMSG), Genetic Algorithm (GA), Perturb and Observe (P&O).

1. Introduction

With the growing global emphasis on clean and sustainable energy solutions, wind energy has emerged as a
key contender in the transition away from fossil fuels. Among various renewable energy technologies, wind
power offers significant advantages owing to its widespread availability, scalability, and minimal
environmental footprint. However, the inherently intermittent and nonlinear nature of wind presents a
critical challenge in harnessing its full potential. This necessitates the integration of efficient control
strategies, particularly Maximum Power Point Tracking (MPPT) techniques, to maximise the energy
conversion efficiency of Wind Energy Conversion Systems (WECS).
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In this context, Permanent Magnet Synchronous Generators (PMSGs) have gained popularity in modern
wind energy systems due to their superior efficiency, compact design, and low maintenance requirements.
PMSGs support direct-drive operations, thereby eliminating the need for gearboxes, which are often prone
to mechanical losses and failures. Their ability to operate efficiently across a wide range of wind speeds
makes them especially suitable for variable-speed turbine applications. However, to exploit the full
advantages of PMSGs, the deployment of a reliable and responsive MPPT algorithm is essential to ensure
continuous tracking of the optimal operating point, despite fluctuations in wind conditions.

Among the commonly used MPPT algorithms, the Perturb and Observe (P&OQO) technique is well known
for its simplicity and ease of implementation. The method involves perturbing the operating point of the
system—either voltage or current—and observing the change in output power to determine the direction of
adjustment.

While this approach performs satisfactorily under stable wind conditions, it often suffers from oscillations
around the maximum power point and lacks the responsiveness required during rapid wind speed variations.

To address these limitations, the research community has increasingly explored intelligent optimisation
techniques, among which the Genetic Algorithm (GA) has shown considerable promise. GA, inspired by
the principles of natural evolution and genetics, provides a global search capability and adapts well to
complex, nonlinear system behaviours. By encoding the control parameters into a population of candidate
solutions and applying evolutionary operators such as selection, crossover, and mutation, GA iteratively
converges to an optimal MPPT solution using a well-defined fitness function.

This paper presents a detailed comparative study of the P&O and GA-based MPPT algorithms implemented
in a PMSG-driven wind energy conversion system. The system is modelled and simulated in
MATLAB/Simulink, incorporating components such as the wind turbine, PMSG, power electronic
interfaces, and control mechanisms. The performance of both MPPT methods is rigorously evaluated under
dynamic wind speed conditions, focusing on key performance indicators such as power output, rise time,
settling time, and tracking efficiency. The insights drawn from this analysis aim to guide the development
of more robust and intelligent MPPT strategies for future wind energy applications.

2. Literature Review

The performance and efficiency of Wind Energy Conversion Systems (WECS) are highly influenced by the
choice of Maximum Power Point Tracking (MPPT) algorithm, especially under variable wind conditions.
Over the years, researchers have proposed a range of MPPT strategies, both conventional and intelligent, to
improve energy capture across different generator types and converter topologies. This section reviews key
developments in MPPT techniques, with a particular emphasis on their relevance to Permanent Magnet
Synchronous Generator (PMSG)-based wind energy systems.

Traditional MPPT algorithms such as Perturb and Observe (P&O) and Incremental Conductance (INC)
remain widely used due to their simplicity, low computational burden, and ease of implementation. For
example, Trinh and Lee [1] investigated the P&O algorithm in wind energy systems and found it to be
effective under moderately varying wind conditions. However, their study also revealed limitations, such as
oscillatory behaviour and delayed response when wind speed changes rapidly. Similarly, Kiranmayi and
Reddy [2] demonstrated that while the P&O method performs adequately in stable wind environments, it
tends to incur power losses due to steady-state oscillations around the maximum power point.

To address these limitations, various researchers have proposed enhanced versions of traditional MPPT
algorithms. These include:

e Variable step-size techniques [3], which adjust the perturbation dynamically based on operating
conditions;

o Adaptive control strategies [4], which fine-tune MPPT logic in real time; and

« Hybrid models [5] that integrate fuzzy logic, neural networks, or rule-based systems with P&O for
better precision.
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Although these improvements offer better tracking accuracy and reduced oscillations, they often introduce
greater complexity in terms of tuning and implementation. Moreover, their effectiveness still diminishes
under highly dynamic and nonlinear wind profiles, highlighting the need for more robust optimisation
methods.

With the advancement of artificial intelligence (Al) and soft computing, intelligent MPPT algorithms
have become a promising research direction. Among them, Genetic Algorithms (GA) have drawn attention
due to their global search capabilities, adaptability, and ability to deal with nonlinear, multi-
dimensional optimisation problems. In the context of renewable energy, El-Sattar et al. [6] demonstrated
the superior performance of GA-based MPPT in photovoltaic systems, reporting faster convergence and
higher efficiency. Building on this, Nagesh and Soman [7] applied GA to wind energy systems and
achieved improved tracking performance over conventional techniques.

Specifically for PMSG-based wind systems, the integration of GA has shown encouraging results. Patidar
and Saini [8] used GA to optimise the duty cycle of a boost converter, leading to improved power output
and system response. Likewise, Bhaskar et al. [9] highlighted GA's effectiveness in managing the nonlinear
characteristics of wind turbines, particularly under real-time wind speed fluctuations.

Despite these developments, a direct comparative study between traditional MPPT methods like P&O and
evolutionary techniques such as GA—jparticularly in realistic, simulation-based environments with
PMSGs—is still limited. Existing research often concentrates either on photovoltaic systems or simplified
wind turbine models, leaving a gap in literature concerning comprehensive and practical comparisons.

2.1 Knowledge Gaps

Despite the progress in control strategies for PMSG-based wind energy systems, several knowledge gaps
remain that warrant further investigation:

1. Integration of Al and Machine Learning.
2. Long-term System Performance.

3. Dynamic Modelling.

4. Real-World Applications.

5. Hybrid System Optimization.

3. System Description

This section provides a comprehensive overview of the Wind Energy Conversion System (WECS) modeled
in this study. The system integrates a variable-speed wind turbine, a Permanent Magnet Synchronous
Generator (PMSG), a three-phase diode rectifier, a boost converter, and an MPPT controller. The entire
configuration is developed and simulated in MATLAB/Simulink to evaluate the performance of different
MPPT strategies.

3.1 Wind Turbine Model

The wind turbine serves as the primary energy harvesting unit. It captures the kinetic energy of wind and
converts it into mechanical energy, which is then transferred to the generator shaft. The power extracted
from the wind is governed by the following equation:

1
Pying = EpACp(A' .B)V3

e p=air density (kg/m?®)

e A =swept area of turbine blades (m?)

o Cp = power coefficient (function of tip-speed ratio A and blade pitch angle )
e V =wind speed (m/s)
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The power coefficient Cp is a nonlinear function and reaches a maximum theoretical value of approximately
0.593 (Betz’s limit). In this work, a fixed-pitch horizontal-axis wind turbine is considered, and the turbine
operates below the rated wind speed where MPPT control is critical.

3.2 Permanent Magnet Synchronous Generator (PMSG)

The mechanical power from the wind turbine is converted into electrical power using a three-phase PMSG.
The PMSG is preferred due to its high efficiency, low maintenance, and suitability for direct-drive
operations, eliminating the need for gearboxes. The stator is connected to the load, while the rotor uses
surface-mounted permanent magnets, enabling a sinusoidal back EMF.The dynamic model of the PMSG in
the d-q reference frame is given by:

e Vg,Vq: d-q axis stator voltages
e lg,iq: d-g axis stator currents

e Rs: stator resistance

e yq,Vq: d-q axis flux linkages
e e electrical angular velocity

For simplicity and control focus, a diode-based uncontrolled rectifier is used to convert AC output from the
PMSG into DC voltage for the downstream converter and MPPT block.

3.3 Power Electronics Interface

A three-phase diode bridge rectifier is used to convert the generated AC power into DC. The rectifier output
is fed into a DC-DC boost converter, which regulates the voltage and ensures maximum power transfer to
the load. The duty cycle of the boost converter is the control variable optimized by the MPPT algorithm.The
output voltage of the boost converter is expressed as:Vout=Vin / (1-D)

Where:
e Vin: input voltage from rectifier
e D:dutycycle(0<D<1)
e Vout: regulated output voltage

3.4 MPPT Control Block

The complete Wind Energy Conversion System (WECS) is modelled using MATLAB/Simulink to facilitate
a detailed simulation-based performance evaluation. All the individual subsystems—including the wind
turbine, Permanent Magnet Synchronous Generator (PMSG), power electronic converter, and MPPT control
mechanisms—are integrated into a closed-loop architecture.

Real-time wind speed data is fed into the turbine block, which simulates aerodynamic response and torque
generation. The mechanical output is passed to the PMSG, which converts it into electrical power. The
generated power is then processed by a DC-DC boost converter whose duty cycle is governed by the MPPT
control block. The system output is monitored at the load terminal.

The MPPT controller, implemented as a MATLAB function block, dynamically updates the duty cycle
using real-time measurements of voltage and current. This enables continuous adaptation to wind speed
variations and ensures maximum power extraction. By modelling the interaction between aerodynamic,
electrical, and control subsystems, the simulation setup provides a robust platform for evaluating the
efficiency and responsiveness of different MPPT strategies under realistic operating conditions.
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4. Maximum Power Point Tracking (MPPT) Techniques

In wind energy systems, especially those employing variable-speed turbines, extracting the maximum
available power at any given moment is a significant challenge due to the nonlinear relationship between
wind speed and mechanical power. To address this, MPPT algorithms are integrated into WECS to ensure
optimal operation of the generator across varying wind conditions.

This study investigates and implements two distinct MPPT approaches - Perturb and Observe (P&O) and
Genetic Algorithm (GA) - within a PMSG-based system. Both methods are embedded in the Simulink
environment and compared on the basis of power output, convergence speed, and dynamic performance.

4.1 Perturb and Observe (P&QO) Algorithm

The P&O algorithm is a classical MPPT method that is widely adopted due to its simplicity, low
computational requirement, and ease of implementation. It operates on a hill-climbing principle, where the
duty cycle of the DC-DC converter is periodically perturbed, and the resulting change in output power is
observed.

If the power increases as a result of the perturbation, the same direction of adjustment is maintained;
otherwise, the direction is reversed. This enables the system to iteratively converge towards the maximum
power point.

Working Steps of P&O Algorithm:

Measure output voltage and current.

Compute the instantaneous output power.

Compare the current power with the previous value.

If power has increased, continue perturbation in the same direction.
If power has decreased, reverse the direction of perturbation.
Update the duty cycle accordingly.

Sk~ wdE

Advantages:

o Easy to implement
« Requires minimal computational resources

Limitations:

o Oscillations near the maximum power point
« Reduced performance under rapidly changing wind conditions

4.2 Genetic Algorithm (GA) for MPPT

The Genetic Algorithm (GA) represents an intelligent, population-based optimisation method inspired by
the principles of natural evolution. GA is particularly suited to nonlinear, complex search spaces and has the
ability to locate the global optimum even under dynamically changing input conditions, making it ideal for
MPPT in wind energy systems.

In this study, the GA is applied to identify the optimal duty cycle of the boost converter that corresponds to
maximum output power from the PMSG.

[JCRT2510419 | International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org ] d507


http://www.ijcrt.org/

www.ijcrt.org © 2025 IJCRT | Volume 13, Issue 10 October 2025 | ISSN: 2320-2882
Key Advantages:

o Global optimization capability avoids local maxima traps
o Adaptive to rapidly varying wind speeds

e Reduces oscillations near the optimum point

o Faster convergence compared to traditional methods

GA-Based MPPT Process:

Initialization: Generate an initial population of random duty cycle values.

Fitness Evaluation: Calculate the output power for each duty cycle to serve as the fitness score.
Selection: Choose top-performing duty cycles based on fitness.

Crossover: Recombine selected individuals to generate new candidates.

Mutation: Introduce slight random changes to maintain diversity in the population.
Replacement: Update the population with newly generated individuals.

Termination: Repeat the process until a convergence condition or generation limit is met.

NogakrowdhE

Fitness Function:
Fitness=Pout(D)=Vout(D)* lout(D)
Where D is the duty cycle.

5. Results

This section presents the outcomes of the simulation study conducted on a Wind Energy Conversion System
(WECS) using a Permanent Magnet Synchronous Generator (PMSG). The system was modelled in
MATLAB/Simulink and incorporates two Maximum Power Point Tracking (MPPT) techniques: the
classical Perturb and Observe (P&O) algorithm and the intelligent Genetic Algorithm (GA) approach.
PMSG was selected due to its superior characteristics such as high energy efficiency, mechanical
robustness, and the elimination of gearboxes - making it ideal for direct-drive wind applications.

1.1 Simulation Performance using P&O Algorithm

The P&O algorithm is a widely used, simple feedback-based MPPT method that operates by incrementally
adjusting the duty cycle of the DC-DC converter to seek the maximum power point.

2

Fiéure 1: Wind Turbine Power Characteristics
This figure depicts the relationship between wind speed and the corresponding wind power available. It
shows the cubic dependency of wind power on wind speed and highlights the operational range of the wind
turbine.
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Figure 2: Proposed Simulink model
A schematic representation of the overall Simulink model is shown, which integrates the wind turbine,
PMSG, rectifier, boost converter, and MPPT control blocks.
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Figure 3: P&O block in Simulink model
The MPPT control strategy using the Perturb and Observe (P&O) algorithm is illustrated here. The figure
shows how the algorithm tracks the maximum power point by adjusting the duty cycle based on input
parameters.
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Figure 4: Output power with P&O
This figure illustrates the output power achieved using the P&O algorithm. It confirms the algorithm's
ability to track and extract maximum power from the wind.
Table 1 Parameters for P&O method

S. No. Parameters P&O Method
1 Rise Time: 2.0352
2 Transient Time: 9.9942
3 Settling Time: 9.9942
4 Settling Min: 869.6177
5 Settling Max: 1.0496e+03
6 Overshoot: 6.4615
7 Undershoot: 0
8 Peak: 1.0496e+03
9 Peak Time: 9.5034
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4.2 Simulation results with Genetic algorithm

The Genetic Algorithm, inspired by natural selection, is an intelligent optimization method that adaptively
tunes system parameters to achieve global maxima. In this study, GA was used to optimize the duty cycle
for MPPT under fluctuating wind speed profiles.

aaaaa

Figure 5: Output power with GA
This figure demonstrates the output power achieved using the GA algorithm, comparing it to the P&O
method and validating its effectiveness in maximizing power extraction.
Table 2 Parameters for GA method

S. No. Parameters GA Method

1 Rise Time: 2.1334
2 Transient Time: 7.3478
3 Settling Time: 7.3478
4 Settling Min: 2.5038e+03
5 Settling Max: 2.7854e+03
6 Overshoot: 0.1230
7 Undershoot: 0
8 Peak: 2.7854e+03
9 Peak Time: 7.8819
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Figure 6: Comparison of Max power with P&O and GA Method

6. Conclusion

This study presented a detailed comparative analysis of two Maximum Power Point Tracking (MPPT)
techniques - Perturb and Observe (P&O) and Genetic Algorithm (GA) - applied to a Wind Energy
Conversion System (WECS) employing a Permanent Magnet Synchronous Generator (PMSG). The
simulation model, developed in MATLAB/Simulink, included a comprehensive setup involving a wind
turbine, rectifier, boost converter, and dynamic MPPT controllers, tested under variable wind speed
conditions.

The results indicate that while the P&O method offers simplicity and moderate performance under steady
wind profiles, it struggles with convergence speed and power oscillations, limiting its effectiveness in real-
world scenarios. On the other hand, the GA-based MPPT controller demonstrated superior performance
across all key metrics, including higher power output, faster response, and improved stability under
fluctuating wind conditions. The GA technique achieved a peak power output of 2785.4 W - significantly
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higher than the 1049.6 W achieved by the P&O method -thus validating its effectiveness in nonlinear and
dynamic environments.
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