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Abstract:  

The project Image Processing for Skin Lesion is to create an AI-powered system for classifying skin lesions 

using Convolutional Neural Networks (CNNs) that could potentially help in the early diagnosis of skin 

diseases, including melanoma which is often fatal. The model is trained on the HAM10000 dataset and 

classifies dermatoscopic images into the categories Melanocytic Nevi, Melanoma, and Basal Cell Carcinoma. 

To increase the value of diagnosis, the system also has a severity scoring module that captures and predicts 

possible lesion progression based on stratified risk features. Lesions are guided by the camera in real time, 

which optimizes image focus and quality, enhancing the feedback that users receive during the procedure. The 

system also enables users to capture progression and comparison images of skin lesions over time, thus 

facilitating longitudinal lesion tracking through progression charts. With users, the voice-operated chatbot 

communicates naturally, providing health advice and safety tips on various skin problems and interacting with 

them interactively using instructions. The incorporation of real-time deep learning into health interaction makes 

this system become very user-friendly while providing effortless assessment of skin health. 
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I. INTRODUCTION 

 

Skin cancer is still one of the most prevalent and life-threatening cancers globally, with millions of new 

diagnoses annually. Despite the progress in medical technology, early detection is still the most important 

factor in enhancing treatment results and reducing mortality rates. Unfortunately, access to specialized 

dermatological services is usually restricted, particularly in remote, rural, or underserved communities, where 

early diagnosis is hindered by a lack of expertise and medical facilities. To assist in closing this gap, our project 

aims to create an affordable, consistent, and smart skin health monitoring system based on Artificial 

Intelligence (AI). The system employs Convolutional Neural Networks (CNNs) a robust deep learning method 

with a proven track record of image classification success to analyze skin lesions automatically. It is learned 

on the HAM10000 dataset, which has over 10,000 high-quality dermatoscopic images of seven classes of skin 

lesions such as Melanocytic Nevi, Melanoma, Basal Cell Carcinoma, and others. Users just need to upload an 

image of a skin lesion, and the system makes predictions of the lesion type and assigns a severity score, 

providing key insights into the possible risk and urgency of going for medical treatment. To make the system 

even more user-friendly and accurate, we’ve integrated a real-time camera guidance feature. This helps users 

capture better images by providing visual tips to ensure the lesion is well-centered, sharp, and properly lit. 

Additionally, a temporal tracking module allows users to monitor changes in their skin lesions over time, 
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helping them detect any worrying developments early. One of the most remarkable aspects of our system is a 

voice-based chatbot that provides users with convenient and intuitive access to medical consultation, safety 

recommendations, and usage assistance. This guarantees that even individuals with limited technical expertise 

are able to engage with the platform comfortably. With the integration of AI-powered analysis, intelligent 

image processing, interactive features, and constant monitoring, this project is far from being a simple 

diagnostic app it's a full-fledged, scalable, and user-friendly personal skin health companion that allows 

individuals to take charge of their skin well-being, promotes early discovery, and assists in proactive care. 

 

II. RELATED WORKS 

Khan et al. proposed InnoDerm, a deep-imaging framework combining CNNs and attention mechanisms to 

enhance skin lesion detection. Using multi-scale feature fusion, data augmentation, and transfer learning, 

InnoDerm improves classification accuracy for malignant and benign lesions. Though highly accurate, it 

requires large computational resources and curated datasets, posing some limitations. Chen et al. proposed a 

multimodal learning framework combining dermoscopic images and patient metadata for skin lesion 

classification on the HAM10000 dataset. Using a dual-branch neural network, the model improves accuracy 

and robustness, but its reliance on detailed metadata may limit its generalizability. Patel et al.  proposed a robust 

deep learning framework for multiclass skin cancer classification, addressing challenges like data imbalance 

and variation in lesion appearance. The model uses an enhanced CNN architecture with data augmentation and 

focal loss to better classify multiple types of skin cancer. Experimental results show high precision and recall 

across classes, but the model's performance slightly drops when exposed to noisy or low-quality images. Singh 

et al.  proposed an enhanced CNN architecture with optimized checkpoints for automated dermatological lesion 

classification. Their approach improves skin cancer diagnosis by fine-tuning model layers and introducing 

dynamic checkpointing, which reduces overfitting and improves generalization. The system achieved higher 

classification accuracy, though it requires substantial training time and computational resources. Yu et al.  

developed an automated melanoma diagnosis system that operates in three stages. The system first applies 

Euclidean transformations to extract the lesion's growth region by measuring image differences. It then uses a 

spatiotemporal network to capture dynamic changes across images, achieving a 32.9% improvement in 

accuracy compared to other models. Wang et al.  applied an ensemble of CNNs and transformers for detecting 

early-stage lesions. While achieving high sensitivity, the model is complex and resource-intensive. Zhou et al.  

proposed a multi-scale attention mechanism for skin lesion detection, integrating local and global features for 

improved accuracy. The model excels in segmentation tasks but may suffer from overfitting with limited 

datasets used Vision Transformers to improve generalization and robustness in dermoscopy images. The 

approach that detects skin cancer detection and classification. It is tough to detect skin cancer in its early stages 

Superior performance was achieved but requires large labeled datasets. Imran et al. proposed a DL-based 

approach to skin cancer detection, overcoming issues with existing ML algorithms by processing high-

dimensional features from skin cancer images. Their CNN model analyzes tissue sensitivity and provides high 

accuracy in skin cancer detection. From our research we found that while many existing approaches focus 

primarily on enhancing classification accuracy through complex architectures or reliance on extensive 

metadata. Our system takes a broader, more practical approach. Our system is more careful and pragmatic in its 

approach than most current methods, which emphasize the improvement of classification performance using 

intricate architectures or dependency on high-quality metadata. In focusing on usability and pragmatism, our 

work presents a complete, scalable, and easy-to-use method of skin lesion detection. It integrates robust CNN-

based lesion classification with convenient features such as voice-controlled chatbot for smooth user interaction, 

temporal tracking for follow-up observation of lesions' changes over time, and real-time camera assistance for 

improved image acquisition. Our method is architected to function effectively with fewer resources, and hence it 

can be easily rolled out in far-flung or underserved communities, which other models may not be suitable for due 

to requirements of high computing power, human-curated datasets, or extensive patient information. 

 

III. CONCLUSION 

This project demonstrates the capability of an AI-based skin health monitoring system to redefine early skin 

cancer diagnosis in underserved as well as rural areas especially. The system is capable of achieving a precise 

and consistent classification of a skin lesion. This is achieved through the utilization of Convolutional Neural 

Networks (CNNs) that have been trained on the comprehensive HAM10000 dataset. Real-time camera 
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guidance seamlessly integrates, temporal lesion tracking easily engages, and voice-based chatbot improves 

user accessibility and diagnostic accuracy appropriately. Overall, the proposed solution makes it possible for 

individuals to take more control of their own skin health and bridges the gap in dermatological care, which 

leads to earlier intervention and improved treatment outcomes. For enabling wider deployment as well as 

uptake, future development will focus towards increasing the dataset, adding multimodal learning, and 

clinically validating the system. 
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